A

Metric Variomic Model Testing Performance

Gradient Boosting Random Forest  Extra Trees Logistic Support Vector K Nearest
Classifier Classifier Classifier Regression Machine Neighbor
Accuracy 0.78 0.76 0.75 0.61 0.70 0.61
Precision 0.82 0.83 0.82 0.87 0.85 0.79
Recall 0.88 0.84 0.85 0.54 0.71 0.63
F1 0.85 0.83 0.83 0.67 0.77 0.70
AUC 0.69 0.69 0.67 0.66 0.69 0.59
Average 0.86 0.85 0.85 0.87 0.86 0.80
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Supplementary Figure S15. (A) In Table A, we display the prediction performance of the models
trained solely on the "Variomic" feature subset. The table summarizes the algorithms' best scores
on the testing dataset for each criterion (accuracy, precision, recall, F1, AUC-ROC, Average
Precision-Recall). (B,C) Graphical representation of the prediction performance of the “Variomic”
model evaluated on the test set using AUC-ROC (left) and Precision Recall Curve PR metrics

(right).



